2 IR B

BENFSTREFMK

R




1. Z A

@) nrt&EAS

) / DONGBEI UNIVERSITY OF FINANCE & ECONOMICS

ZAct i ©

I MmN
I Logistics Regression

I LDA

MEBEFI SRR

1. — R :

I uwy

® synapse
axon from a neuron i
Woep

call body

%gmb)

wh
—_—— wir; — b —
x output axon
activation
Woily function

[(x) =wizs +wora+ ... +wazrg+ b

= (xq; Xp; o} Xg)
(W1; Wa; ... Wq)

T =
|

$S4IE fric
G5 eF A S R
1 e 3% 4 ik vfy 2
2 ES- 4 L AN A
WIEREE .
3 ek B HE iRk ES
4 4 it 3 bAS| FS
MiztEE-—1 ik .45 i ?

fiem (@) = 0.2 2 + 0.5 Tz + 0.3 - gy + 1

ZEEREZE. RFMEE KA LT AT
> REMNRLGEA, RPRFRER
> MENRHLEEZFEXR, HABFLeXEER

EENEEIRES MR




o 7;"‘\‘.\
AR £t AT

/ DONGBEI UNIVERSITY OF FINANCE & ECONOMICS

2. Z M [E )3

SIS
1. B—BMRIZRtEE 1T :

Error:

Regression

fne flz)=wz;, +b 21 (f () — y)?= X (wx; + b —y,)°
| o4 A ‘ 2 o 1 1

> D AXFwWHIbKS:

ZUAE00 © o S oF N
wh) _ o wE 2 E (y; — b) $z)
( i=1 i=1

Jw !
I Logistics Regression ‘ X m
% =2 (mb — Z (yi — wa))
Error=9y —y i=1
I LDA ‘
B4R BB — S T S R AOError 2 A/ 5 i (i — 7)
w = i=1 b:im Yp — WT;
arg min %12 (f (x;) — y:)* f: r? — % (i $i>2 " ZZZI( )
i=1 i=1

> ®/N_3FiE (Least Squared Method)

MEBEFI SRR EENEEIRES MR




2. 4D

=

Lt HAF

DONGBEI UNIVERSITY OF FINANCE & ECONOMICS

2 IR AL

ZZ M| 3

Logistics Regression

LDA

MEBEFI SRR

2. 2 : sklearn.linear_model.LinearRegression()

> JEM: coef 70 intercept_
@ regressor = LinearRegression()
@ regressor.fit(x_train,y_train)

® y_pred = regressor.predict(x_test)

(1) SABHEE

import pandas as pd

import numpy as np

import matplotlib. pyplot as plt

from sklearn. datasets import load iris

from sklearn. linear model import LinearRegression
%matplotlib inline

iris = load iris() HEAF I Eiris

data—pd. DataFrame (iris. data)

data. columns=[" sepal-length’, ’sepal-width’, ’petal-length’, ’petal-width’]

data. head()  AEZERFIOIT

(2) JIEHEEFHT petal-length'#H{I'petal-width FRFIEHEFTEIFSHr

# (& sklearn st — 0 26 1 A1

x = datal[ petal-length’ ].values
vy = datal petal-width’ ]. values
x = x. reshape (len(x), 1)

= v. reshape (len(y), 1)
clf = LinearRegression()
clf. fit(x,v)

pre = clf. predict (x)

plt. scatter(x, v, s=50)

plt.plot(x, pre, r—, linewidth=2)

plt.xlabel  petal-length’)

plt.ylabel C petal-width’)

for idx, m in enumerate (%) :
plt.plot([m m], [ylidx], prelidx]], "g)

plt. show()

(3) EBmEFLERIZE

print (W’ #%1”, clf.coef_ )
print (W"#kEE”, clf. intercept )
print (np. mean (y—pre) **2 )

(4) WESKERI R, MNEESEE.

print (c1f. predict ([[3.911) )
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3. Logistic Regression

1. 3 EJLEFBE (Logistic Function) :
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2. Logistic Regression:

i ..lastly, a lightweight

mouse has a low
probability (close to 0)
of being obese.

...then there’s an
intermediate

;. probability (close to

I 0.5) that it is

obese...
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0

...then the

corresponding

i point on the line

indicates that there
is a high probability

(close to 1) that it is

obese...
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3. Logistic Regression

3. I

> @M coef #0 intercept_

sklearn.linear_model.LogisticRegression()

@ solver = liblinear -> AREREH TR X
2L M AR R ‘
@ solver = Ibfgs / newton-cg -> FFHLETILIL TT 3%

&8 B 15 ® solver = sag -> BEALERE TREALILIE

from sklearn. datasets import load_iris

from sklearn. linear model import LogisticRegression
from sklearn. model selection import train_test_split
from sklearn import metrics

Logistics Regression

X, v = load_iris(return_X_y=True)
X _train, X test, y train, vy _test = train_test split(X, v, test _size=0.3, random state=42, stratify=y)

l_[)/\ clf-LogisticRegression(random_state=0, solver=" 1bfgs’,multi_class= multinomial’).fit(X_ train, y_train)

print (" coef:\n’, c1f. coef )
print C intercept:\n’, c1f. intercept_ )

print C predict first two:\n’, clf.predict (X_train[:2, :1))
print ( classification score:\n’,clf. score(X train, y train))

predict_y = clf.predict (X test)
print ( classfication report:\n ', metrics.classification_report (yv_test,predict_y))
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4. Linear Discriminant Analysis

1. LDA: #5144 (Linear Discriminant Analysis)
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